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1 Introduction

Several credit rating agencies such as Moody’s, Standard and Poor’s (S&P) or Fitch
recently started to assign and publish unsolicited ratings additionally to the traditional,
commissioned ratings. While the latter, solicited ratings are requested and as such
paid for by the rated firms, the former are not. Rating agencies claim that unsolicited
ratings mainly serve as a signalling device, demonstrating their market knowledge even
in markets in which they do not dispose of considerable market shares. The publication
of unsolicited ratings hence intends to expand the agencies’ business activities. However,
in order to keep the cost of rating preparation low, unsolicited ratings are based only
on publicly available information and hence on a weaker information base.!

Interestingly, firms with unsolicited ratings tend to despise this business practice (Econo-
mist (2005)) and often request a solicited rating subsequently. They claim that un-
solicited ratings deliberately underestimate their creditworthiness, thereby driving up
funding costs and undermining the firms’ competitiveness. As a consequence they feel
forced to solicit their rating in order to reveal the true creditworthiness and reduce
costs. This accusation - mainly put forward by Japanese companies, but also by several
European firms - has led to a vehement debate about the use of unsolicited ratings
among market participants and observers. In particular, it has spurred regulators to
debate the usage of unsolicited ratings for regulatory purposes such as capital adequacy
guidelines. Generally, the new capital adequacy rules issued by the Basel Committee
on Banking Supervision - known as Basel II - allow the use of unsolicited ratings for
the determination of regulatory capital according to the standardized approach. How-
ever, regulators in Japan and Austria currently consider to exclude unsolicited ratings
because of the controversial discussions surrounding them.

Several recent studies have indeed confirmed the alleged “downward bias” of unsolicited
ratings. Fairchild et al. (2006), Poon (2003) and Poon and Firth (2005), for instance,
compare the levels of solicited and unsolicited ratings, controlling for firm-specific and
macroeconomic variables. Using pooled cross-sectional time-series analysis, they find
that unsolicited ratings are on average lower than solicited ratings. This result is partic-
ularly strong for Japanese companies and, more generally, for Asian banks. Implicitly,
these studies accuse the major rating agencies to deliberately underestimate the credit-
worthiness of these companies in order to force them to solicit, and hence pay for, their
rating.

Corroborating this “blackmailing accusation”, further research has shown that the infor-
mation contained in unsolicited ratings influences investment decisions just as strongly
as solicited rating information. Behr and Giittler (forthcoming) analyze stock market
reactions to the assignment of an initially unsolicited rating and to subsequent changes
of the unsolicited rating. They find significant abnormal returns for both kinds of events,
thereby underlining the importance of unsolicited ratings for firms’ funding costs.

This paper aims at extending the above mentioned studies by investigating in detail the

'Moody’s and Fitch claim that their unsolicited ratings contain a private information component.
Needless to say, this must be a minor component as otherwise the agencies’ solicited ratings would
be obsolete. Generally, the solicitation of a rating triggers a detailed and institutionalized process of

information sharing between the agency and the rated entity.



cause why unsolicited ratings may be lower than solicited ratings. Besides the frequently
uttered blackmailing accusation - an argument inherently endogenous to the process of
rating assignment due to the fee-based remuneration system borne by the rated entities
themselves -, rating level differences may also have purely exogenous reasons. It may be
argued, for instance, that only those firms will solicit a rating, and hence reveal private
information about their credit quality, who believe that their unsolicited rating is un-
fairly low, i.e., who feel to be able to disclose much more optimistic private information
to the agency as compared to the available public information. This revelation of pos-
itive private information should lead to an improvement in the (solicited) rating level.
The observed rating level difference would therefore be the result of an adverse selection
process: “good” companies, those with positive private information, solicit their rating
and reveal the positive information; “bad” companies keep the unsolicited rating until
they have positive information to reveal.?

Empirical approaches should be able to differentiate between the two lines of explana-
tions by analyzing the ex-post (empirical) default rates of firms with equivalent solicited
and unsolicited ratings. In this respect, exogenous “adverse selection” effects should not
result in differing default rates. Both types of rating should rather reflect a “correct”
default probability due to a self-selection of firms based on their private information
about creditworthiness.> Endogenous “blackmailing” effects, in contrast, could lead to
unjustifiably low unsolicited rating levels so that, for any given rating class, empirical
default rates should be higher for solicited than for unsolicited ratings. However, pure
“conservatism” in the rating assignment may also drive rating level differences, con-
sidering that unsolicited ratings are generated on a weaker (only public) information
base than solicited ratings that combine both public and private information.* As this
argument is related to the agencies’ quest for maintaining a high level of reputation,
it contributes to the endogenous channel of explanations. Since the implications of
excessive conservatism for ex-post default rates are less clear, however, we concentrate
mainly on testing the adverse selection hypothesis and hence on exogenous causes of
the solicited-unsolicited rating difference.

In line with our main research question, Gan (2004) takes a first step towards testing
the reasons underlying the observed rating level differences. She uses a sample of US
industrial companies rated by Moody’s and S&P and compares the empirical default
rates of equivalent firms with unsolicited and with solicited ratings. Her study shows
that the default rates do not differ significantly between the two groups. She concludes
that, even though unsolicited ratings for US industrial firms are ceteris paribus lower
than solicited ratings, these rating level differences are not due to deliberate actions on
the part of the agencies but seem to stem from reasons exogenous to the rating process.

2In a theoretical paper, Bannier and Tyrell (2006) remark on this argument.

3In this sense, even unsolicited ratings would reflect a certain degree of private information as they
include the firm’s signal of being of lower quality.

4Since rating agencies use a reduced information set when they assign unsolicited ratings, an un-
solicited rating necessarily contains more noise, i.e., the creditworthiness distribution has a greater
variance. This may imply that, ceteris paribus, the default threshold of a company with an unsolicited
rating is on average more quickly reached than the default threshold of a company with a solicited
rating. Since the default threshold coincides with the probability of default, which is expressed by the

rating level, under this scenario unsolicited ratings must be lower on average.



However, Gan’s analysis includes only US industrial firms, so that no general conclusions
can be drawn with regard to the current debate that focuses primarily on non-US firms.
In our paper, therefore, while we start from a similar analytical approach, we apply
our empirical tests to a data set of non-US firms, which is moreover split into industry-
specific sub-samples in order to derive more detailed results. In this way, we are able to
appropriately comment on the different aspects of the current discussion, for instance
with respect to the treatment of financial firms. The distinction between financial
and non-financial companies is particularly interesting due to several reasons. First,
Gan (2004) analyzed only a sample of non-financial firms. Hence, our study offers a
neat comparison of results regarding US and non-US non-financial firms. Second, to
the best of our knowledge, no one has ever yet investigated whether financial firms are
treated differently than non-financial firms with regard to the assignment of unsolicited
ratings. As earlier studies suggest that rating level differences seem to be particularly
pronounced for (Asian) banks (see Poon and Firth (2005)), a distinction between non-
financial and financial firms should yield further insight on this question.

As a first step, based on the model by Bannier and Tyrell (2006), our paper provides
a theoretical framework for the adverse selection hypothesis and its empirical implica-
tions. We then test these on a data set of non-US firms rated by S&P in the period
January 1996 to December 2005 by comparing empirical default rates of firms with un-
solicited and with solicited ratings. We complement our study by an extensive number
of robustness checks including, e.g., a consideration of aspects of rating horizon, defaults
being rare events and the definition of default events. In line with Gan (2004), we find
that the empirical default rates do not differ significantly, controlling for rating level,
time, and regional effects. This suggests that rating level differences associated with
these firms can be explained by factors exogenous to the rating process such as adverse
selection. However, for financial firms, which were not analyzed by Gan (2004), we find
weak evidence that empirical default rates do differ between firms with unsolicited and
solicited ratings. Exogenous factors hence cannot (fully) explain the observed rating
level differences, which leaves some space for deliberate action on the part of S&P to
assign lower unsolicited ratings. As financial firms are often seen as more opaque than
firms from other industries (Morgan (2002) and Hirtle (2006)),5 rating agency conser-
vatism may be a reasonable (endogenous) explanation for our result. Still, unsolicited
and solicited rating levels for financial firms relate to different empirical default rates
and as such are not fully comparable, which, also from the agencies’ viewpoint is not
very desirable.

While our results do not intend to blame rating agencies for any persistent inaccuracies
in unsolicited ratings, we conclude that ratings of non-US financial firms seem to be at
least partly affected by factors endogenous to the rating process. Although we cannot
confirm the implicit blackmailing accusations of other studies, we may state that the
different treatment of solicited vis-a-vis unsolicited ratings is to the detriment of financial
firms. Based on this, the uttered critical view on unsolicited ratings seems to be justified
and regulators should carefully evaluate the use of unsolicited ratings for regulatory
purposes. Moreover, our study underlines the importance of further research on the
agencies’ objectives in the rating process as this seems to be a significant but nevertheless

SHowever, the evidence regarding the opaqueness of banks is not unequivocal. Flannery et al. (2004)

do conclude that banks are not more opaque.



not yet very well understood factor influencing capital markets.

The remainder of the paper is organized as follows. Section 2 describes a theoretical
model of adverse selection and derives empirical predictions. Section 3 uses empirical
default rates for our sample of non-US firms to test the theoretical implications and also
provides some robustness tests. Section 4 is devoted to the discussion of our results,
while Section 5 concludes.

2 Theoretical analysis

According to Gan (2004), differences between unsolicited and solicited rating levels stem
from factors exogenous to the rating process, most prominently self-selection based on
private information. However, there is no general consensus that adverse selection drives
the observable rating level differences. Also, the discussion so far lacks a theoretical
foundation for adverse selection arguments. The following paragraphs will therefore
provide a theoretical framework that allows the derivation of an empirically testable
adverse selection hypothesis.

In the following we consider a modified version of the model by Bannier and Tyrell
(2006).5 Whereas the former rather narrowly analyzes the equilibrium implications of
lenders’ decisions to foreclose or withdraw loans based on rating information, our model
focuses on a broader asset class by studying more generally investors’ decisions to buy
securities. Consider a risk-neutral firm that continually conducts business projects and
has to issue claims to raise the necessary finance. In order to keep the analysis as
simple as possible, we may assume that the firm conducts one project each period (the
firm is hence equivalent to this project) and may therefore focus on only one period.
After the publication of a (unsolicited or solicited) rating about the project’s (i.e. the
firm’s) credit quality, risk-neutral market participants choose whether or not to invest,
i.e. buy the issued claims. Again, in order to keep the analysis simple, we presume
that the project will be successful only if sufficiently many investors donate financing.
Otherwise it will be unsuccessful, yielding a payoff of zero (that does not suffice to repay
investors).

The firm’s project quality is represented by a random variable 6, which is normally
distributed with mean y and variance 1/a.” The distribution of # is assumed to be
publicly known. The lower a, the higher is the firm’s fundamental risk, since quality 6
may then deviate strongly from the ex-ante expected value y. While the distribution of 6
is commonly known, the realization 6, however, is not observable to market participants.
Yet, we assume that investors receive individual private information about firm quality:
x7|@ ~ N(0,1/b). The higher b, the more closely are investors’ private signals distributed
around the unknown quality 6. In this respect, b denotes the precision of investors’
private information.® Similarly, a rating agency collects private information about the

5The paper by Bannier and Tyrell (2006) focuses on the stabilizing, respectively destabilizing, ef-
fects that rating agencies may have on the capital markets. Our model, however, concentrates on the
implications that rating actions have on the firms’ decision to solicit a rating or not.

"Since we assume that one project is conducted at a time, the project’s quality will subsume also the
firm’s quality in this period. We may therefore refer to the project’s or firm’s quality interchangeably.

8We may think of investors as institutional market participants who have both strong interest and



project (if the rating is solicited, this is based on a process of information sharing
between firm and agency) that results in a private signal of x40 ~ N(0,1/c). Note
that, conditional on 6, private signals are assumed to be independent of each other.”
The announced rating, z, may be seen as an additional public signal about the realized
value of 6.

Investors dispose of one unit of capital and have to decide on whether to invest this unit
into the firm’s risky project by buying the firm’s securities or to invest into a safe asset.
The safe asset may be thought of as a simple storage technology. For the project to be
successful, a proportion of 1 — # of the total investment has to be financed externally,
i.e. via the buying of claims by investors. Firm quality 6 hence represents the firm’s
ability to internally finance part of the project. If at least 1 — @ of all investors decide
to buy the firm’s securities, the project will be successful and delivers a payoff of V' at
maturity that allows a repayment of R > 1 to each of the investors. An unsuccessful
project, in contrast, yields a payoff of zero and hence does not suffice to repay investors.
Thus, the “better” the firm’s quality, i.e. the higher 8, the higher is the proportion of
total financing that the firm can bear internally and the higher is the probability that
the project will be successful and debt will be repaid. The agency’s rating therefore
refers directly to the firm’s credit quality.

The sequence of events in the model (that holds for each period) is then as follows:

e In ¢_o, the firm announces her willingness to conduct a new business project and
her need for debt financing. She offers a repayment of R per unit of debt at the
project’s maturity (¢41). The firm additionally chooses whether or not to appoint
a rating agency to assess the firm’s quality.

e In ¢4, firm quality 6 is realized. While its distribution is common knowledge
in the market, the realization itself remains unobservable to market participants.
Yet, investors observe individual private signals x; about firm quality. The agency
announces her rating, either solicited, zg, or unsolicited, zg.

e In ¢, investors decide on whether to buy the firm’s securities (i.e. invest in the
risky project) or the safe asset. Proceeds of the security’s sales are invested into
the firm’s business project.

e In tq, if at least a proportion 1 — 6 of market participants decided to invest, the
project yields a payoff of V' and repayment of R is guaranteed. If the project is not
successful, in contrast, a payoff of zero is realized and no repayment to investors
takes place.'?

Investors’ payoffs are summarized in Table 1. Here, [ represents the aggregate amount

of investment, i.e. the proportion of investors that decide to buy the firm’s securities

rather than the safe asset.

capability to collect private information about the firm.

9Tn essence, this assumption implies that signal errors, § — x, are independent of each other.

0 Consider, for instance, that the project requires a certain amount of administrative duties that lead
to relatively high sunk costs. The “real” investment process may start only after these costs are covered.
If external financing is too low, the project cannot be successful and the initial amount of financing is

“sunk” and cannot be recovered.



Table 1: Investors’ strategies and payoffs

Project successful Project not successful

(1>1-0) (l<1-9)
Invest risky R 0
Invest safe 1 1

Assuming that investors’ private information is sufficiently precise, the model can be
solved for a unique equilibrium, using the global games approach.'’ As has been shown
by Morris and Shin (2003; 2004), the equilibrium will be in trigger strategies, i.e. in-
vestors will invest into the risky project if they expect the firm’s quality to be sufficiently
good (higher than a unique threshold 6*) and invest into the safe asset otherwise. Equi-
librium derivation will then rely on a marginal investor who is indifferent between
investing safe or risky. The unique threshold quality 8* may be translated into a unique
private signal x7, below which investors will optimally invest into the safe asset and
above which they will optimally buy the risky security of the firm. Proceeding back-
wards, we will then solve for the optimal firm decision on whether or not to appoint a
rating agency to assess the firm’s credit quality.

Indifference on the part of investors requires identical expected payoffs from investing
safe or risky. Expectations are based on each investor’s private information x:

mr(safe) = my(risky)
1 = R-prob(f > 6%|z) . (1)

Investors’ (posterior) expectations with regard to firm quality are based on private
and public information about 6. If the firm decided to appoint a rating agency, we
assume that the solicited rating will be equivalent to the agency’s private information,
i.e. zg = ¢ 4. Investors’ posterior beliefs are therefore distributed as follows

ay + bxry + czg 1 ) )
a+b+c ‘at+b+tc

If the rating is not solicited, in contrast, we may assume that on average the unsolicited

Olxr, zg ~ N(

rating is equivalent to the mean of public information, i.e. zy = ¥y, so that investors’
posterior beliefs are given as

3)

Plugging these posterior beliefs in (1) delivers the respective indifference condition for
the individual investor:

« _atbtc, . a c va+b+c, _/R-1
e e e A G B @

11 A global game in the sense of Carlsson and van Damme (1993) is a game where each player noisily

2ay + bxy 1 )

e‘xl’zUNN( 2+b "2a+b

observes the game’s payoff structure (i.e firm quality 6), which itself is determined by a random draw
from a given class of games (in our case via a normal distribution). In the following, we will assume that
investors’ private information is always sufficiently precise, i.e. b > min{(a + ¢)?/(2),4a*/(27)}, so
that a unique equilibrium is guaranteed. We may think of investors in our model as mainly institutional

investors who usually hold own research departments that deliver sufficiently precise private information.



or

« _ 2a+b,, a V2a+b_ _/R—-1
vy =g =y e (T (5)

Each investor will invest into the safe asset as long as his private signal indicates a low
credit quality of the firm, i.e. if 7 < a7 g resp. a7 ;. Only for sufficiently high private
signals x; > a7 ¢ resp. 7 ; will investors buy the risky security issued by the firm. 12
As the firm’s project needs a critical mass of external financing in order to be successful,
we can derive the equilibrium threshold 6* that divides unsuccessful from successful
projects. The project is on the brink of success if

1 -6 = [=prob(x >x74|0)

0 e(Vb(a] s —6)) . (6)

respectively, in the case of an unsolicited rating,
0 =o(Vb(zjy —0)) . (7)

The condition considers that, due to the independence of private signals, the proportion
of investors observing private signals above the threshold z7 ¢ resp. 7 (who are
therefore investing in the risky security) is equivalent to the probability with which an
individual investor observes a signal above z7 g resp. x;U.

Combining indifference equations (1) and (6), respectively (7), delivers the equilibrium
firm quality:

05 = (\}5 (a(ag —y) + (05 — z5) —Vat+ bt cd ! (R];l))) , (8)

respectively

Vb

Whenever a firm quality below 6* is realized,' the project cannot be successful because
too few investors decide to invest into the risky project and the firm will default on the
existing claims.

i = o Gy (2 - - Ve (1)), o)

From an ex-ante viewpoint, the default probability of the firm may therefore be mea-
sured by the probability that the realized firm quality will be below 6%, i.e.

prob(default) = prob(6 < 6*) = ®(\/a(0* —y)) . (10)

As can be seen, the probability of default increases in threshold value 6* and in all
parameters that raise this threshold.!*

We may now proceed and solve for the firm’s optimal decision on whether or not to
appoint a rating agency. In order to keep the analysis as simple as possible, we assume

120ne might think of institutional investors who are restricted to investment grade rated issues.
131n the following, we will distinguish between 0% and 8;; only where necessary and write 8* otherwise.
1 This setup conveys a general functional idea that has also been derived elsewhere, see for instance

Gordy (2003).



that the firm aims at maximizing her expected payoff. While with a successful project
the firm may claim the difference V — R as her part of the project’s profit, an unsuccessful
project leaves the firm with a profit of zero. As long as V — R > 0, the expected firm
profit therefore simply hinges on the probability of the project’s success, respectively
the project’s probability of default. Thus, the firm will appoint a rating agency if the
announced solicited rating reduces the probability of default (i.e. threshold value 6*) as
compared to a situation where investors have to make their investment decision based
on an unsolicited rating (i.e. whenever 6§ < 6;;).

Proposition 1 (Rating solicitation as adverse selection process) Only those firms will
appoint a rating agency to announce a solicited rating, who feel to be publicly “under-
valued”, i.e. whose precision-weighted difference between the presumed solicited rating
and the formerly publicly available information about firm quality is sufficiently high.

Proof:
b5 < 0f
* * -1 R—1 * -1 R—-1
a(0s —y) +c(0s — 2s) —Va+b+cd <T> < 2a(65 —y) — V2a + bd (T>
czg —ay > (c+a)0s —2ab; — (Va+b+c
—V3a+ b)CIfl(E> (11)
R
q.e.d.

Alternatively, we may assume that by soliciting a rating the firm influences the precision
of the agency’s private information, ¢. This is due to the fact that by sharing private
information about the firm’s credit quality with the rating agency, the firm may increase
the agency’s private information precision ¢ as compared to a situation without any
information sharing. If, by doing so, the firm could decrease the threshold 65 up to
which the firm defaults, she will have an interest in soliciting a rating. The following
proposition shows that only those firms will want to solicit a rating, i.e. to increase the
agency’s private information precision, who are certain to disclose sufficiently “good”
information to the rating agency.

Proposition 2 An appointment of a rating agency and the subsequent information
sharing will be advantageous only for those firms, who may disclose sufficiently opti-
mistic information about their credit quality.

Proof: 0 .
0% Q> 1 L /R-1
= 0% — 29 — —— @ (== 12
de  1-o()=e | C T 2atbte ( R ) (12)

. . . . . eps . . x 1 —1/R-1
The latter partial derivative is negative (positive) if zg = x4 > (<)0% e ? (%)
g.e.d.
Obviously, therefore, only those firms will request a solicited rating who feel to be
unfairly valued by the market and hence believe that their unsolicited rating is too low.



If they are confident that they may reveal much more optimistic private information to
the agency, they will appoint the announcement of a solicited rating.

The hitherto derived theoretical results allow the formulation of the following testable
hypothesis:

Hypothesis 1 (Adverse selection hypothesis)

Only firms of good quality, i.e. which are able to disclose sufficiently good private in-
formation about their credit quality, will request a solicited rating. Firms of poor credit
quality will remain with an unsolicited rating. On average, both unsolicited and solicited
ratings should therefore correctly reflect the firm’s credit quality and coincide with ob-
served default rates.

3 Empirical test of the adverse selection hypothesis

3.1 Descriptive statistics and univariate analysis of default frequencies

Our data set comprises S&P rating data for the time period January 1996 to December
2005 with a rating scale of 17 rating classes, ranging from 1 (AAA) to 17 (CCC to
C). All rating data were extracted from Bloomberg and all unsolicited ratings were
cross-checked with S&P’s RatingsDirect. In contrast to Gan (2004), who had to rely on
estimates of rating agency fees for bond issuers to differentiate between solicited and
unsolicited ratings, we are able to use directly observable and hence more reliable rating
information.

Additionally to the rating data, we record whether a company with a given unsolicited
or solicited rating defaulted in the following one-year period, which we will refer to as
realization period. For example, we use firm ratings per year-end of 1996 and note
whether these firms defaulted or survived until the end of 1997. Then we use all ratings
per year-end of 1997 and check whether these companies defaulted in 1998, etc. A de-
fault is defined as all D (regular or full default), SD (selected default'?) and R ratings.
An R rating indicates cases in which financial companies were regulated by national
supervisory bodies. Since regulated companies cannot freely decide to continue their
debt repayments, we treat them as defaults. We record default information for unso-
licited as well as solicited ratings of all non-US firms rated by S&P from January 1996
to December 2005. Our sample thus covers the whole non-US universe of S&P ratings
in this period. To exclude the potential effect of right censoring, which may bias the
results as we do not know whether the companies would have been able to survive until
the end of the realization period or not, we include only companies with valid rating
information during the respective realization period. Thus, we exclude companies that
exhibit withdrawn ratings that are assigned, for instance, because bonds have expired
or called.!®

159D ratings were introduced by S&P in 1999 and refer to cases where the respective company stopped

its debt service on some but not all of its outstanding obligations.
16Usually, researchers treat these cases of withdrawn ratings as non-informative (see e.g., Christensen

et al. (2004)).
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Table 2 provides a descriptive overview of the sectoral and regional distribution of our
sample. Panel I shows the sample’s sectoral distribution. It is further subdivided into
firm-year observations of companies that did not default in the subsequent one-year
realization period and those who defaulted. Also, the table distinguishes between firms
with solicited and unsolicited ratings. The category of other financials comprises asset
managers, brokerage firms, and the like. The sample contains 9,721 (55.84%) firm-year
observations for financial firms and 7,688 (44.16%) for non-financial firms. Of the finan-
cial firms 6,327 (65.09%) possess solicited ratings and 3,394 (34.91%) hold unsolicited
ratings. In both groups only 14 firms, representing 0.22% of the firm-year observations
with solicited and 0.41% with unsolicited ratings, defaulted in the observation period.
The non-financial firm-year observations are made up of 6,809 (88.57%) cases with so-
licited ratings and 879 (11.43%) with unsolicited ratings. 79 (1.17%) non-financial firms
with a solicited and 10 (1.15%) non-financial firms with an unsolicited rating defaulted
in the observation period. The regional distribution, which is depicted in Panel II,
shows that the majority of firms with a solicited rating comes from FEurope, whereas
the sample of firms with unsolicited ratings consists mainly of firms from both Asia and
Europe. Most of the defaults (44 or 2.64% of all firm-year observations in that region)
were observed in the South/Middle America region, followed by firms from Asia (32 or
0.80% of all firm-year observations in that region).

Tables 3 and 4 show the rating distribution per year as well as an univariate analysis
of the rating level differences between solicited and unsolicited ratings. In Table 3 we
first subdivide the sample into financial and non-financial firm-year observations and in
a second step into survivors and defaults. Panel I contains the mean rating per year for
the financial and Panel II contains the respective results for the non-financial firms.!”
The mean rating per year was calculated by applying a numerical rating scale ranging
from 1 (AAA) to 17 (CCC to C) and taking the last valid rating of each firm in a given
year. We then simply computed the mean over all rating observations for each year,
separately for survivors and defaulted firms with solicited and unsolicited ratings.

Table 4 presents univariate test results for the rating level differences. Panel I provides
evidence for the whole sample. The mean rating for firm-year observations of firms
that did not default is 7.41 for firms with a solicited rating and 9.79 for firms with an
unsolicited rating. This results in a considerable mean rating difference of 2.38 notches.
According to the t-test as well as the Wilcoxon signed ranks test this difference is sig-
nificant on the 1%-level. The rating difference for the defaulted firms of 0.13 notches is
negligible and not significant. To further assess the driver of these results, we analyze a
sub-sample of firm-year observations including only those firms that survived the real-
ization period. Panel I1a shows a substantial difference of 1.92 notches between solicited
and unsolicited ratings of firms with an investment grade rating (BBB- or better). The
rating difference for junk (worse than BBB-) rated firms of -0.36 notches, despite being
significantly different from zero, seems to be economically negligible, however. Thus, the
observed difference between solicited and unsolicited ratings seems to be mainly driven
by investment grade rated firms that survived the realization period. Additionally, we
find interesting results after subdividing the sample into financial and non-financial
firms, which are presented in Panel IIb. The mean rating for firm-year observations of

"The rating distribution for the whole sample has been omitted due to space restrictions. Results

are available upon request.
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financial firms that did not default is 6.00 for firms with a solicited rating and 9.77 for
those with an unsolicited rating. This results in a considerable mean rating difference
of 3.77 notches. The respective rating difference for the non-financial firms amounts to
moderate 1.12 notches. Both differences are highly significant.

We checked whether these results remain stable after applying historical default rates
instead of the rating level.'® The former measure of default risk may be more appropri-
ate because the relationship between default risk and ratings is non-linear (e.g. Jorion
and Zhang (2007)). Thus, we redid the univariate analysis with smoothed (see Bluhm et
al. (2002)) historical default frequencies. To reduce the effect of annual variations in the
default rates we used S&P’s long-year average over the years 1981-2005 (S&P (2006)).
Whereas differences for the firm-year observations of financial firms are still significant
on the 1%-level according to both the t-test and the Wilcoxon signed ranks test within
the group of survivors, we find that differences in the default frequencies become neg-
ative for non-financial firms.!? For financial firms results are even stronger than in the
case of rating levels. While the mean default frequency for firm-year observations of
financial companies with solicited ratings equals 0.47%, it more than triples to 1.48%
for respective observations with unsolicited ratings.

Summing up, the univariate results suggest that unsolicited ratings of non-defaulting
financial firms are too low compared to firms with solicited ratings. Lacking any default
event in the observation period, there is no obvious reason for a significant rating dif-
ference. This finding may be a first hint that rating level differences for financial firms
may not entirely be explained by exogenous, adverse selection arguments. In a next
step, we analyze whether the results hold also in a multivariate regression setting.

3.2 Ex-post analysis of empirical default rates

Our basic multivariate analysis is similar to the one undertaken by Gan (2004). To test
for differences in the empirical default rates we employ a pooled logit regression model.
We define default; as a dummy variable indicating whether company i defaulted in
the realization period (one for default, zero otherwise), and de fault} as the unobserved
linking variable, which is continuous and ranges over the set of real numbers. Hence,
we estimate

default} = a+ (1 - rating; + (2 - unsolicited; +y - D +¢; (13)
with
1 if d It: 0
default; = if  default; >0,
0 if default; <0,

where rating is the rating level of the estimation period expressed as numerical value
for company i between 1 (AAA) and 17 (CCC to C) that is followed by the realization
period in which the default status is recorded. Unsolicited represents a dummy for the

18Tn our robustness check in Section (3.3.1) we further discuss this issue.
9Test results are not displayed here but are available on request.
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rating status (1 for unsolicited, 0 for solicited ratings). In addition, gamma is a vec-
tor of coefficients for a vector of dummy variables, D, for six? of the nine realization
periods, four business sector dummies, and four region dummies. The year-dummies
are necessary to control for varying macroeconomic environments, which are known to
affect firms’ default probabilities (e.g. Nickell et al. (2000) and Bangia et al. (2002)).
Since rating agencies claim that their rating assessments are consistent over all cov-
ered business sectors and regions, in principal, no further controls should be necessary.
However, particularly in light of our univariate analysis that delivers differing results
for financial and non-financial firms, we control for business sector differences in the
default frequencies by assigning our observations into five different sub-samples: banks,
insurance companies, other financial firms, utilities, and other non-financial firms. Due
to the higher number of default observations, the latter category usually serves as the
reference group. Additionally, since prior research found particularly pronounced re-
sults for Asia, region dummies are built for Asia, Europe, North America, South and
Middle America and others. The latter comprises firms from Africa, the Pacific region
and the Arabian Peninsula. Usually, and again due to the higher number of default
observations, South and Middle America serves as the reference group.

If unsolicited ratings were inadvertently too low we would not expect any significance
in the unsolicited dummy. As a reason, consider that if unsolicited ratings properly
reflected the default risk of a firm, the empirical default rates should not differ signifi-
cantly from the default rates of firms with solicited ratings. Rather, adverse selection
arguments should lead firms with positive internal information to order a paid rating
while firms with weak internal information should stick to the unsolicited rating. There-
fore, from an ex-post point of view, there should be no differences between unsolicited
and solicited ratings even though the unsolicited ratings show lower levels than the so-
licited ratings. However, if unsolicited ratings are too low because of endogenous reasons
within the rating process then they should be associated with lower empirical default
rates. In this case the unsolicited dummy in the regression model would be significantly
negative.

Table 5 contains the results of the logit model (13) with one-year realization periods.
Regression model I (columns 2 and 3) contains the coefficients and the p-values for
the total sample. As can be seen, firms with a lower rating level default significantly
more often. The unsolicited dummy is negative but not significantly different from
zero, which indicates that, based on the total sample results, exogenous reasons such as
adverse selection indeed seem to drive the differences between solicited and unsolicited
rating levels. Except for the year 2003, all year dummies are significantly positive.
This indicates that default rates are higher than in the reference years 1996, 1997 and
2004. Regarding the business sector dummies, only banks experienced lower default
rates than the reference group of other non-financial firms. Additionally, three of four
region dummies - Asia, Europe, and Else (Africa, the Pacific region and the Arabian
Peninsula) - showed lower default rates than the reference region South and Middle
America.

Regression model II (columns 4 and 5) contains the results for a sub-sample including

20We were forced to exclude the dummy variables for the years 1996, 1997, and 2004 because in this

time period we did not record any default event.
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only Asian firms. In this model, we employ utility and other non-financial firms together
as the reference group, since we observed no default in the former business sector. Ear-
lier studies have highlighted that unsolicited ratings of Asian firms, particularly Asian
banks, seem to be considerably lower than solicited ratings of Asian firms (Poon and
Firth (2005)), which led to the abandoning of the use of unsolicited ratings for regula-
tory purposes in Japan. As can be seen, the rating level is significantly positive, and the
unsolicited dummy is again not significantly different from zero. This finding does not
lend support to the critical view on unsolicited ratings in Asia. It rather suggests that
existing rating level differences between solicited and unsolicited ratings develop inad-
vertently, for instance because of adverse selection. We also find a significantly negative
coefficient for the bank dummy, indicating that Asian banks defaulted significantly less
often in the observation period.

Regression model III (columns 6 and 7) contains the results for all non-Asian firms.
The results for this model are very similar to the ones for the total sample. Again, the
rating level is significantly positive and the unsolicited dummy not significant.

Finally, we subdivide our sample in financial (regression model IV in columns 8 and 9)
and non-financial firms (regression model V in columns 10 and 11). For the financial
firms we find a negative unsolicited dummy, which is significant on the 1% level. This is
in line with the univariate results. We also observe that insurance companies defaulted
significantly less often than banks. For the non-financial firms we fail to detect statistical
significance of the unsolicited dummy, a finding, that is also in line with the univariate
results. Our findings for non-financial firms hence support the implications of our
theoretical model. However, for financial firms, rating level differences seem not to be

fully explained by adverse selection arguments. 2!

Since we use longitudinal data, we could also have employed a (logit) panel model
alternatively to the pooled regression approach. Since in the non-linear case, fixed
effects models include only those observations with a change in the dependent variable
over time, this would have reduced our sample to the few companies with default events.
Thus, only random effect models are feasible. However, it is not very plausible for
our sample to assume the observations to be random draws from a large population
because we cover the whole non-US market. We therefore decided against using a panel
approach.??

3.3 Robustness tests

As our empirical results may depend on the choice of underlying assumptions for the
analytical approach employed, this section provides a series of tests to diagnose the
robustness of our results. We first use default frequencies as an explanatory variable

21'We have analyzed whether we find rating level differences for industrial as well as financial firms in
our sample (controlled for publicly available information). For both types of firms we can confirm that
rating levels of unsolicited ratings are lower than rating levels of solicited ratings, ceteris paribus. The

results are available on request.
22Notwithstanding our reservations against a panel analysis, we employed it as a robustness check.

We find that results remain qualitatively the same as in the pooled logit approach. The unsolicited
dummies stay insignificant for all samples except the one including financial firms. In the latter case,

the unsolicited dummy is negative, but only weakly significant.
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instead of the rating level, then we extend the realization period from a one-year to a
three-year period to better match the long-term through-the-cycle character of credit
ratings. We also run all regression models with a reduced sample of the survivors to
have a better balance between the survivors and the rather small number of defaults.
Finally, we discuss the impact of the exclusion of withdrawn ratings from the analysis.

One further robustness test that has been suggested by Gan (2004) is the use of the
Altman (1968) z-score as dependent variable instead of the default-dummy. We do not
employ this robustness test here for two reasons. First, our sample consists of non-
financial and financial firms. Whereas for the former, at least for the non-utility firms,
the use of the Altman z-score as an alternative credit risk measure may be appropriate,
it is not applicable for financial firms. Although we could calculate the z-score for banks
(see Boyd et al. (1998) for a discussion of the z-score for banks) instead of the Altman
z-score, we would still have difficulties with insurance companies and other financial
firms. Yet, an even more important argument for not doing this robustness test is that
any kind of credit risk score is based on publicly available accounting information. As
the unsolicited ratings (completely) as well as the solicited ratings (to a considerable
extent) are based on publicly available accounting information, too, this kind of analysis
is likely to suffer from serious endogeneity problems. We therefore decided to omit this
analysis and rather focus on the variants mentioned above.

3.3.1 Default frequencies

In section 3.1 we already employed default frequencies instead of numerical rating levels
since the use of the latter implies a linear relationship between the rating and the default
probability expressed by the rating. However, in reality the relationship between the
rating and the default probability is highly non-linear (see Jorion and Zhang (2007)
for a discussion). Whereas only small increases in default rates are associated with a
rating downgrade of highly rated issuers, say from AAA to AA-, default rates increase
significantly for non-investment grade rated companies. We hence substitute the rating
level in our regression models with the long-term average default frequency. We use
S&P’s average default rates per rating class over the years 1981 to 2005 (S&P (2006)).
As empirical default frequencies tend to be erratic, we smooth them exponentially?? in
order to obtain strictly monotonically increasing default rates for deteriorating credit
ratings.

The results for all five pooled logit models are displayed in Table 6. Confirming our
earlier results, the unsolicited dummy is not significantly different from zero for the
whole sample, for firms from Asia only, and for firms from non-Asian countries only.
For non-financial firms, however, the unsolicited dummy turns out to be significantly
positive which is evidence that default rates are higher for companies with an unso-
licited rating.?* In addition, for financial firms the unsolicited dummy is not significant
anymore. This suggests that our prior finding of too low unsolicited ratings for financial
firms is not robust to the substitution of the rating level with the empirical default rates.
The default frequency itself is highly significant in all regression models, indicating that

ZBluhm et al. (2002) provide a description of exponential smoothing.
24This result should be taken with caution, however, as there are no plausible explanations for “too

good” unsolicited ratings.
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firms with a higher default probability default significantly more often. The results for
the control variables of the different regression models are mostly qualitatively similar
to the prior results.

Despite the argument that default rates should catch the increasing default risk more
appropriately than the rating levels, the adjusted McFadden R? is always lower in the
robustness test than in the basic analysis of section 3.2. This is particularly striking for
the case of financial firms, where the adjusted McFadden R? drops from 0.31 to 0.22.

3.3.2 Three-year realization periods

It is a well-established fact that external credit ratings intend to “look through the
business cycle” and are thus long-term estimates for default risk (see, e.g., Cantor (2001)
and Loffler (2004)). Hence, in order to match S&P’s rating approach more closely, we
also employed three-year instead of one-year realization periods. We use three points
in time, the ends of 1996, 1999 and 2002, with three realization periods spanning the
years 1997-1999, 2000-2002 and 2003-2005. The results of the univariate analysis of
these realization periods, which are not displayed here, are similar to the results for the
one-year realization periods. For the survivors, the mean solicited rating is 7.05 and
the mean unsolicited rating is 9.71. The resulting rating difference of 2.66 notches is
significant on the 1%-level for both the t-test and the Wilcoxon signed ranks test. For
the defaults the mean unsolicited rating is 1.09 notches worse than the mean solicited
rating.

We again estimated the five pooled logit models to see whether the results from the
univariate analysis hold in a multivariate setting and whether our results from the
basic analysis remain stable. Table 7 contains the results. The results for the whole
sample (model I), for Asian firms (model II), and for non-Asian firms are the same
as before, the unsolicited dummy is not significantly different from zero. In addition,
for financial firms only (model IV) as well as for non-financial firms (model V) we do
not detect significance for the unsolicited dummy. It hence seems that the finding of
significantly lower defaults for financial firms with unsolicited ratings from our basic
analysis does not hold when we use three-year realization periods instead of the nine
one-year realization periods. However, despite the fact that longer realization periods
are better suited to S&P’s rating approach, this procedure yields much smaller sample
sizes than in the case of the nine one-year realization periods. As we require valid
rating information during the respective realization period, less companies fulfill this
criterion for the longer realization periods. For the total sample, the number of firm-
year observations drops from 17,409 to 4,534. Even more crucial is the decrease in the
number of defaults from 117 to 89 observations. Also, the explanatory power of all
models measured by the adjusted McFadden R? goes down considerably.

3.3.3 Rare event adjustment

Admittedly, our data set suffers from a quite low number of observed defaults in the
observation period, especially among the group of financial firms. Employing standard
statistical procedures in this case tends to underestimate the probability of these rare
default events (King and Zeng (2001)). As a further robustness test we therefore re-
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duce the number of survivors in the sample in order to obtain a better balance between
survivors and defaults. Instead of using the entire sample, we therefore run the regres-
sions on samples including all defaults but only 10% of the survivors. We use randomly
stratified samples that match the business sector and rating status (solicited versus un-
solicited) distribution of the samples with the complete number of survivors. In order
to obtain consistent coefficients we only have to adjust the estimated intercept, &, by

s-nl(7) (50 i

with 7 as the mean default frequency before and gy as the mean after the sampling

procedure. We then run the pooled logit models I-V for the new samples. Table 8
presents the results. As can be seen, we obtain a significantly negative unsolicited
dummy for financial firms. This supports our finding from the basic analysis that
financial firms with unsolicited ratings seem not to default sufficiently often given their
rating levels. The remaining results regarding the unsolicited dummy are as before.

3.3.4 Withdrawn ratings

In general, credit ratings are withdrawn by rating agencies because bonds have expired
or called. Usually, researchers treat these cases of withdrawn ratings as non-informative
(see e.g., Christensen et al. (2004)). However, in our case the exclusion of withdrawn
ratings from the analysis is a potential driver for the results we obtained. Since it is quite
likely that defaults occur after the rating withdrawal, we analyze whether excluding the
sub-sample of withdrawn ratings influences our results. Although we are not able to
track the default history of companies with a withdrawn rating beyond the day of the
withdrawal, descriptive analysis of the respective sub-sample should reveal whether it
exhibits problematic features.

We find that the number of withdrawn ratings for the case of the one-year realization
periods is rather small. For the sub-sample of firms with unsolicited ratings they account
for 8.69% of all ratings, for the firms with solicited ratings they account for 2.72% of
all ratings. For the total sample, the ratio is 4.19% of all rating observations in the
sample period. The fact that the ratio is higher for firms with unsolicited ratings seems
plausible since the outstanding bond volume of companies with unsolicited ratings is
smaller on average and it should thus be more probable that the companies’ bonds
expire or are called.

More important is the mean rating of the sub-sample of firms with a withdrawn rating.
To calculate the means, we use the last available valid rating information before the
rating withdrawal. For the whole sample, the mean solicited rating equals 8.56 and is
thus 1.15 numerical notches lower than the mean rating for survivors in Table (3). The
mean unsolicited rating equals 10.53 and is therefore only 0.74 lower than the results
for the survivors with valid rating information. Both mean ratings are far higher than
the mean rating for the defaulted firms, which equals 15.08 for the firms with solicited
and 15.21 for the issuers with unsolicited ratings.?® Since the differences between firms

Z5Because of the low absolute number of withdrawn ratings, it is not reasonable in this case to
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with valid rating information and between firms with withdrawn ratings in the following
year as well as the overall number of withdrawn ratings seem to be rather negligible,
we are confident that our exclusion of companies with withdrawn ratings does not bias
the results.

4 Discussion of results

Based on our theoretical framework we suggested that adverse selection effects may
drive existing differences between solicited and unsolicited rating levels. Consequently,
empirical default rates of firms from the two groups should coincide. For non-financial
firms we could not reject this hypothesis - in line with earlier findings by Gan (2004)
on a sample of US industrial firms. For these firms factors exogenous to the rating
process hence seem to play a major explanatory role. The critical view on unsolicited
ratings by some market participants and observers therefore does not seem to be fully
justified, and the abolishment of unsolicited ratings for regulatory purposes becomes
questionable.

On the other hand, we find evidence that unsolicited ratings of financial firms are too
low given their ex-post default rates. This result has not been reported in any of the ear-
lier studies, which did not include financial firms. It suggests that for financial firms the
observed differences in solicited and unsolicited rating levels seem to be - at least partly
- driven by factors endogenous to the rating process. While Poon and Firth (2005)
already highlighted that unsolicited ratings seem to be lower than solicited ratings for
Asian banks, our study would add the further result that they are not only lower but
too low given the realized default levels. However, it seems that this is not only the
case in Asia but generally in other regions outside the US. In fact, we did not find
any peculiarities associated with Asian firms in our data. Our results hence display a
certain validation of blackmailing accusations that have recently been voiced. Interest-
ingly, the blackmailing argument is somewhat analogous to empirical findings in the
area of stock recommendations. Stock analysts in investment banks in essence face a
similar problem as rating agencies. On the one hand, their compensation often relies
on the analyst’s “helpfulness” to the corporate finance division. For example, a better
recommendation after an TPO might enhance the probability that the company will
include this investment bank in the consortium of the next security issuance. On the
other hand, an analyst’s (external) reputation depends heavily on her forecasting qual-
ity. The blackmailing argument, which could potentially explain rating level differences
of financial firms with unsolicited ratings, may therefore be related to the literature on
analyst recommendations.

In this respect, Michaely and Womack (1999) find for IPOs that in the month after
the quiet period,?® lead underwriter analysts issue 50% more buy recommendations
than do analysts of other investment banks. Second, they observe significantly inferior
short and long performance of lead underwriters’ buy recommendations. In the latter

distinguish between financial and non-financial firms. The comparison of the mean ratings is therefore
based on the whole sample of firms with solicited and unsolicited ratings.
26The quiet period lasts 25 days after the company’s IPO. In this period, analysts are not allowed to

disclose earnings estimates and the like to the public.
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case, the difference between the underwriter’s and non-underwriter’s mean size-adjusted
buy-and-hold return accounts for more than 50% for a two year period beginning after
the TPO. In a more recent paper, Barber et al. (forthcoming) test the SEC’s accusa-
tion against several investment banks that analysts’ conflicts of interest resulted in a
reluctance to downgrade buy-rated stocks during the bear market of the early 2000s.
In a sample period from 1996 to mid-2003, they find that independent research firms’
buy recommendations outperform those of the investment banks by a daily abnormal
return of 3.1 basis points. Partitioning the time frame into the period prior to the
market peak in March 2000 and afterwards (the bear market), Barber et al. observe
that investment banks’ buy recommendations following equity offerings significantly un-
derperform the congruent buy recommendations of independent research firms by 8.7
basis points during the bear market. These results parallel our finding that unsolicited
ratings of financial firms may to some extent be driven by endogenous reasons.

A number of words of caution with regard to our findings are, however, warranted.
First, the finding of too low unsolicited ratings of financial firms is not robust to several
changes of the underlying assumptions. When we use the default frequency instead of
the rating level as explanatory variable or employ longer (three-year) realization periods,
the unsolicited dummy is no longer significantly different from zero. Yet, our basic model
specification seems to be best suited to the question at hand as it yields considerably
higher explanatory power. The unsolicited dummy also remains significantly negative
when we use a reduced sample including only 10% of the survivors and if we use a
random effects panel model. The disappearing significance of the unsolicited dummy
may be explained by the very low number of defaults in the sub-sample of financial
firms, which makes it extremely difficult to produce statistically robust results. One
reason for the low number of defaults associated with financial firms could be that the
sub-sample of financial firms includes so-called unobservable defaults. An unobservable
default takes place when a financial firm is close to default but does not actually default
because it is part of a group (for instance a banking group) and the other group members
step in to repel the default.

Second, we do not find any direct empirical evidence for the blackmailing argument.
Strong conservatism on the part of the agencies cannot be ruled out as a driver for the
too low level of unsolicited ratings of financial firms. A high level of reputation is crucial
for agencies’ business success as otherwise issuers will be uneager to pay for a rating.
As unsolicited ratings are based on publicly available information, that is, a reduced
information set, only, unsolicited ratings necessarily contain more noise than solicited
ratings. Obviously, the assignment of a too good unsolicited rating to a firm that
subsequently defaults would pose a more severe problem for the reputation of a rating
agency than the assignment of a too low unsolicited rating to a firm that subsequently
does not default. To preserve their reputation rating agencies may therefore tend to
be more conservative when assigning unsolicited ratings. This argument is particularly
compelling for financial firms that are often said to be more opaque (see Morgan (2002)
and Hirtle (2006)). Consequently, publicly available information about financial firms is
less informative than that about non-financial firms, which would explain the tendency
to be overly conservative when assigning unsolicited ratings to financial firms.
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5 Conclusion

In this study, we analyzed possible reasons for rating level differences between unsolicited
and solicited ratings. We argue in a theoretical framework that unsolicited ratings may
be lower than solicited ratings due to reasons purely exogenous to the rating process
such as adverse selection. We collect data of non-US firms in the time period January
1996 to December 2005 and test the adverse selection hypothesis by comparing ex-post
default rates of firms with unsolicited and those with solicited S&P ratings. For non-
financial firms we cannot reject the adverse selection hypothesis, as empirical default
rates seem to be adequate for both rating types. This result is in line with the finding
of Gan (2004) for a sample of US firms. However, for the sub-sample of financial
firms our results indicate that unsolicited ratings are not only lower than solicited
ratings, but that they are too low given the empirical default rates. These findings
suggest that the observed rating level differences for these firms are not only driven
by factors exogenous to the rating process, but also to some extent by endogenous
reasons. However, since we do not find a consistent pattern of too low default rates
across all business sectors, the frequently uttered blackmailing accusation associated
with unsolicited ratings of US rating agencies appears to be not entirely plausible. We
rather favor the conservatism argument according to which rating agencies tend to be
overly conservative when assigning unsolicited ratings to financial firms because these
firms are perceived to be more opaque than non-financial firms. In order to preserve their
reputation, a rating agency might hence tend to be more conservative when assigning
unsolicited ratings to these firms.

The ultimate question is, of course, what the economic costs of too low unsolicited
ratings are and who bears them. Naturally, the rated firms themselves suffer as the
assigned ratings determine their funding costs. If the rating level is too low given the
true creditworthiness, this unnecessarily drives up funding costs. This argument is even
strengthened by the regulatory use of unsolicited ratings. It is questionable, however,
whether investors are adversely affected by the bias in unsolicited ratings as well. It
may even be conceivable that investors do not object to the downward bias if they
succumb to the same degree of risk aversion as the rating agencies. Still, any bias
between solicited and unsolicited ratings creates a framework in which the two types
of ratings are no longer comparable as they refer to different levels of ex-post default
probability. In the long run, this should not leave the agencies’ reputation unaffected.

The often-voiced critical view on unsolicited ratings of financial firms therefore seems to
be justified. Policymakers should hence carefully evaluate the use of unsolicited ratings
for regulatory purposes. However, even though endogenous effects in the rating process
seem to play a role for the reported lower unsolicited rating levels of financial firms, our
results should be taken as only a first, yet significant, step in investigating the rating
process more closely. As our results for the sub-sample of financial firms are not totally
robust to changes of the employed empirical tests, a considerable amount of caution in
interpreting these results is warranted.
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Table 2: This table shows the sectoral (Panel I) and regional (Panel II) distribution of the
sample. We use S&P rating data for the time period January 1996 to December 2005. Rating

and default data are extracted from Bloomberg, data on unsolicited ratings are cross-checked

with RatingsDirect.

Arabian Peninsula and the Pacific region.

In Panel II, North-America contains Canada, Else contains Africa, the

Panel I: Business sector

Survivors

Solicited Ratings
Unsolicited Ratings
Defaults

Solicited Ratings
Unsolicited Ratings

Panel II: Region

Survivors

Solicited Ratings
Unsolicited Ratings
Defaults

Solicited Ratings
Unsolicited Ratings

Banks

2,983
1,130

Asia

2,199

1,790

14
18

Insurance

2,089
2,170

10

Europe

6,391
1,751

20

Other fi-

nancials

1,241
80

North

America

1,359
51

16
0

Utilities

1,195

39

12
South/Middle
America

1,463
206

41
3

Other non-

financials

5,535
830

67
10

Else

1,631
451
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Table 4: This table shows univariate test results of rating levels differences between solicited
and unsolicited ratings for different sub-samples. Rating and default data were extracted from
Bloomberg, data on unsolicited ratings were cross-checked with RatingsDirect. The former
is translated into a numerical scale ranging from 1 (AAA) to 17 (CCC to C). We conduct the
analysis for the whole sample (Panel I) and for firm-year observations of companies that survived
the one-year realization period (Panel II). Panel Ila shows firm-year observations of firms with
investment grade and junk (worse than BBB-) ratings. Panel IIb provides rating level differences
between firm-year observations of financial and non-financial firms. The third column provides
the mean rating before the realization period and the forth column the respective difference
between firm-year observations of companies with unsolicited and solicited ratings. The fifth

and sixth column show the p values of the t-test and the Wilcoxon signed ranks test.

Observations Mean rat- Difference t-test Wilcoxon
ing p value p value
Panel I: Whole sample
Survivors
Solicited Rating 13,043 7.4091
Unsolicited Rating 4,249 9.7908 2.3817 <.0001 <.0001
Defaults
Solicited Rating 93 15.0753
Unsolicited Rating 24 15.2083 0.1331 0.9388 0.7810
Panel ITa: Survivors
Investment grade
Solicited Rating 10,426 5.8718
Unsolicited Rating 2,669 7.7898 1.9180 <.0001 <.0001
Junk Rating
Solicited Rating 2,617 13.5338
Unsolicited Rating 1,580 13.1709 -0.3629 <.0001 <.0001
Panel IIb: Survivors
Financial
Solicited Rating 6,313 5.9976
Unsolicited Rating 3,380 9.7737 3.7760 <.0001 <.0001
Non-financial
Solicited Rating 6,730 8.7331
Unsolicited Rating 869 9.8573 1.1242 <.0001 <.0001
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